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GeneralOverview & Objectives @INFRALERT

A To predict alerts (where maintenancewill be needed)for assetsbasedon the
state conditions.

Toprescribea level of severityto all predictedalerts
Toprioritise all alertsaccordingo their levelof severity

Torecommendthe mostprobablemaintenanceinterventions for eachalert.

o To Do Do

Tolearnfrom new information providedby further maintenanceoperations
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Relevantinformation for machine learningraining stage@INFRALERT
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Machinelearningtraining stage @INFRALERT

Historical Database
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MachinelLearningtraining stage (accuracy)
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PPV Right Predictiongper maintenanceype (PositivePredictedvalue
FDR WrongPredictiongper maintenancetype (Falsediscoveryrate)
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Methodological scheme.
Predictionstage Hearningstage
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Historical Data @INFRALERT
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M Alert Description

TO No No maintenance requested

T1 Yes Do nothing

T2 Yes Microsurfacing, Surface dressing

T3 Yes Thin HotMix Asphalt overlay (thicknes®5 cm)

T3.1 Yes Surface miling with Thin HotMix Asphalt overlay (thicknes®5 cm) 11

T4 Yes Thick HotMix Asphalt overlay (thickness 5 an) combined or not with milling
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Machine IearninQDredicltions(ll) @INFRALERT

Roadsectionswithout maintenance intervention:
Alerts remaln active (Wlth mcrease on severity) in the period 2211126
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Road ID226558, Category: 2522

Global Technical Severity Level Estimated Alert Maintenance Intervention
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